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Database preparation ¢ Landslide inventory

AR EHUR O BAERR £ 7 v 1E, ArcGIS10.3 ZfEHL T, 127 2A2325 X25m &7x%
FRREE IR L 7=. ANN O 7D D#EMT — X%, &EFEDOT — 2D 75% (240 i &7 &)
BRI v ALt I, &Y 25% B0 7 tn) #MGEHT—42 & LCERALZ. Hs
RO OYE T — ZERKIL, WEERIME L 2 DA OHIEE R E L. SRR, T



AR EEYH 196 i, JEMLT N D EUM 196 Kk D, AEF392 5 TH B,

FAA R 1%, BPALEA L TS B E G A BT, M R0 25 R 196 A 4R 1 1 25,000
TRLL72. Z0) bi/NOoHT Y HiEIX 12,200 m?, R AKOHT ) [miEix 801,900 m?
ThHbH., TNOLDOHT YL, Varnes™WIC X 2 0% WA L 72, FEye 2 L, #id Dy
D% TR DB AT T HICER L Tnwb L TH o7,

Landslide conditioning parameters
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Artificial neural network (ANN) analyses
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Design of ANN
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Landslide susceptibility mapping using training algorithms
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Validation of landslide susceptibility maps
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Results and conclusions
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